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Understanding Common Prosperity from the Perspective of Equality
of Opportunity: An Empirical Study Based on the

Low—-income Groups

SHI Xinjie*” LI Shi’© CHEN Tianzhi’ and FANG Shile

(a: China Academy for Rural Development Zhejiang University; b: School of Public Affairs Zhejiang University;
c¢: Institute for Common Prosperity and Development Zhejiang University; d: Australian National University;
e: School of Economics Zhejiang Gongshang University)
Summary: With the major victory of poverty alleviation how to fundamentally solve the challenges of common prosperity
and find the optimal path to achieve common prosperity has become the focus of Chinese society. Relevant studies show that
common prosperity should focus on two dimensions including overall development and shared development. In addition to
economic development attention should also be paid to the sharing of development opportunities and various public
services. This paper argues that inequality of opportunity is one of the main obstacles to achieving common prosperity for all
people and this proposition should be understood from the perspective of how low-income people can break the barriers of
opportunity to achieve an income jump.

This paper uses the data of the Chinese Household Income Project ( CHIP) for 2018 to expand the research framework
of inequality of opportunity to the discussion of binary variables. With low-income groups as the starting point this paper
systematically examines the current situation of inequality of opportunity in China that is to what extent circumstances
( such as gender household registration place of birth family background age etc.) that are beyond the control of
individuals lead to their falling into a low-income state and thus affect the realization of common prosperity. There are three
main findings in this paper. First whether an individual falls into the low-income trap largely depends on circumstances
that are difficult to change at birth. Based on the traditional parameter estimation method and the conditional inference tree
method ( machine learning) this paper estimates that the coefficient of inequality of opportunity related to individual low—
income status is as high as 0. 310 ( parameter estimation result) and 0.336 ( machine learning result) which means that
more than 30% of low-income status is related to relatively weak opportunity factors. Second the difference in individual
education acquisition is the main channel through which circumstances affect the low-income status accounting for
42.237% of the overall inequality of opportunity. After controlling for the education channel the contribution rate of the
employment channel is 16. 594% . Third this paper further finds that in addition to the low-income status individuals’
educational level and income level are also constrained by circumstances.

This paper contributes to existing research in three ways. First this paper starts from the perspective of income jump
of the low-income population discusses inequality of opportunity in the context of common prosperity and extends the
theoretical connotation and practical significance. Second at present the measurement of inequality of opportunity is
mainly based on continuous variables ( such as income) using the parameter estimation method. In this paper we use both
parameter estimation and machine learning methods which provides the possibility of causal analysis for the study of
inequality of opportunity. We find that the machine learning method can make up some defects of the parameter estimation
method to a certain extent. Particularly when the sample size is small the results of machine learning will be more
accurate. Although the parameter estimation method has certain disadvantages in the case of small sample size its
estimation results are relatively reliable in the case of large sample size and it can more easily decompose the coefficient of
overall inequality of opportunity to analyze the role of individual opportunity factors. This paper provides a new idea for
subsequent research on how to choose an appropriate method to measure the coefficient of inequality of opportunity in the
context of binary outcome variables. Third this paper discusses how circumstances play a role in influencing low-income
status through education and employment.

This paper emphasizes the role of equality of opportunity in promoting common prosperity and the relevant conclusions
provide important reference for policies supporting low-income people in the context of common prosperity.

Keywords: Equality of Opportunity; CHIP 2018; Common Prosperity; Machine Learning
JEL Classification: D63 H53 J10
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